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How Does the Entry of Collective Construction Land into the

Market Affect the State-Owned Construction Land Market
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Summary: Establishing a unified urban-rural construction land market is an important goal of
the current reform of Chinas land system. It is an important direction of reform to break the shackles
of urban—<ural dual land resource allocation. To explore the construction of a unified urban-rural
construction land market China has launched a pilot for collective construction land for commercial
use entering the market. Although one of the core objectives of the reform of the collective
construction land for commercial use entering the market is to establish a unified urban and rural
construction land market and the urban construction land market has played a key role in Chinas
past economic development only a few studies have explored the influence of the collective
construction land for commercial use entering the market reform on the urban state-owned
construction land market.

There are also important theoretical implications of exploring the impact of the collective
construction land for commercial use entering the market reform on the urban state-owned construction
land market. For a long time the monopolistic structure of the state-owned construction land market
has been the basis for the land-based development pattern. The reform of the collective construction
land for commercial use entering the market requires state-owned construction land and collective
construction land to have the same price the same rights and equal access to the market which
increases the substitutability between collective construction land and state-owned construction land. It
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potentially changes the monopolistic structure of the construction land market. Therefore collective
construction land for commercial use entering the market reform may systematically affect the land-
based development pattern by influencing the monopolistic structure of the construction land market.

To address these issues based on the data of state-owned land transactions in China from 2007
to 2018 this paper studies the impact of the collective construction land for commercial use entering
the market reform on the urban state-owned construction land market. The main conclusions are as
follows. First the machine learning method based on the random forest model can effectively remove
the effect of factors such as location conditions and transaction methods on land prices and the
training results have a high degree of credibility and sensitivity. Second collective construction land
for commercial use entering the market significantly reduces the land revenue of state-owned
construction land and this result remains robust after a series of robustness checks. Third the
empirical results reveal that the reform of collective construction land for commercial use entering the
market significantly reduces the area of state-owned construction land transactions but has a small
impact on the land price of state-owned construction land. These results suggest that the reform does
not significantly change the monopoly structure of the urban state-owned construction land market.
Fourth the cost-benefit analysis reveals that the reform of the collective construction land for
commercial use entering the market reduces the revenue of state-owned construction land to a greater
extent than the actual increase in the revenue from the market entry of collective land.

The above conclusions have clear policy implications. First improving the institutional design of
the collective construction land for commercial use entering the market this paper finds that the
reform of the collective construction land for commercial use entering the market significantly affects
the area and revenue of state-owned construction land. Moreover further improving the institutional
design of the collective construction land for commercial use entering the market is very important for
establishing a unified urban—rural construction land market. Second improving the operation
mechanism of the construction land market this paper finds that local governments are still in a
monopoly position in the construction land market. It is recommended that based on ensuring the stable
operation of the land market great attention should be paid to the institutional design of the land market
to better balance the relationship between the government and collective economic organizations and
improve the efficiency of land resource utilization. Third a price mechanism for collective construction
land should be established. This paper finds that the revenue generated by the collective construction
land for commercial use entering the market is smaller than its impact on state-owned construction land.
It is recommended that relevant land price compilation should be established and land transactions
should be regulated. In future reforms both markets for state-owned and collective construction land
should be considered in an integrated manner; the distribution and transfer measures of land revenue
should be improved and the overall allocation efficiency of land resources should be optimized.

Keywords: Collective Construction Land Entering the Market; Machine Learning; Construction
Land; Market Structure

JEL Classification: Q15; 013
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